UCDAVIS Intrafield Variability of Soil Health Indicators After Whole Orchard Recycling
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What is whole orchard recycling (WOR)? Electrical % Friction
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« Whole orchard recycling is the process of grinding old trees into Dielectric
woodchips and incorporating them into the topsoil up to 30 cm [1]. el Tip Stress Permitivity
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(Soil health indicators Vertical variability in soil properties

Soil Health Indicators Figure 1. Range of scores g e i e ‘ shown in Table 1) 7 e —
o Biological Cg)hemic:acl> Physical recelved for each SOll g L W i R s I s . 7 0 - 100 0% 10% 20% 30% 40%
% i V D health indicator. 90 soil T ooy D
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